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In the frame of the H2020 SEAMLESS project, ensemble generation methods are being developed with the aim to improve the service through better data assimilation / inversion methods.
A stochastic version of the NEMO-PISCES model has been developed and implemented in a global ocean configuration at 1/4° inherited from the CMEMS global Monitoring and Forecasting
Center. The 40-member ensemble represents a probabilistic view of the 2019 seasonal cycle in the global and North Atlantic ocean. This ensemble is used to generate a posterior distribution
of the BGC state variables and associated ecological indicators using a 4D, non Gaussian inversion scheme.
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